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Plot 1: SHAP Bar Plot - Feature Importance (Random Forest)
Traffic Volume Prediction
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Plot 2: SHAP Beeswarm Plot - Direction and Magnitude of Feature Effects
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Plot 3: Feature Importance Comparison - Random Forest vs Gradient Boosting
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Plot 4: SHAP Waterfall Plot - Single Prediction Decomposition
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Plot 5: Partial Dependence Plot - Effect of Hour of Day on Traffic Volume
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Plot 6: Partial Dependence Plot - Effect of Average Speed on Traffic Volume
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Plot 7: SHAP Interaction - Hour of Day x Day Type Effect
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Plot 8: Actual vs Predicted Traffic Volume - Three Models
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Plot 9: Prediction Error Distribution (Residual Distribution)
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Plot 10: Feature Correlation Heatmap
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Plot 11: Model Performance Comparison - 5-Fold Cross-Validation
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Feature Importance (SHAP)

Summary Dashboard: SHAP Analysis for Traffic Engineering
SHAP Feature Importance Summary Dashboard - Traffic Volume Prediction
PDP - Hour of Day

Actual vs Predicted (R?=0.956)
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